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L Z BiGRU Layer
2-D Conv Layer (Batch, 100)
(3, 16, kernel=(3, 3), ReLU) Linear Layer (Batch, 32, ReLU)
Max pool 2d Layer Dropout Layer (0.3)

2-D Conv Layer R
(3. 16, kernel=(3, 3), ReLU) Linear Layer (Batch, 3)
Flatten Layer ‘
| SBP, DBP

2-D Conv Layer : two-dimensional convolutional layer
ReLU : rectified linear unit

LSTM : long short-term memory

BiGRU : bidirectional gated recurrent unit
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Input data SBP (MAE+STD) DBP (MAE+STD)
Hand ROI 8.97 £ 00.32 8.55+0.11
Face ROI 8.96 + 06.63 8.45 +6.55
Multi ROI 8.97+11.14 8.45 +6.54
All Frame 2.93 +£02.05 4.90 +4.35

SBP: systolic blood pressure, DBP: diastolic blood pressure, MAE:
mean absolute error, STD: standard deviation, ROI: region of interest

T 1Y pRel ope vl 4%

¥ 2 e AA 98 QE wael s, 142, A o)
B 4% Lehith SBP MAE £ 27 2.62, 2.80,
2.93 mmHg, DBP MAE = 4.94, 4.86, 4.90 mmHg =,

D
Al ElolE Al 7k A5 BATL Ak

Data set SBP (MAE+STD)  DBP (MAE+STD)
Train 2.62+2.12 4.94+4.38
Validation 2.89+1.98 4.86+4.33
Test 2. 93+2 05 4.90+4.35
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