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o-2. 4% Zat
Batch

Optimizer 64 128 256 Average
RMSProp 936.1 565.3 | 560.2 687.2
RMSPropABS(ours) | 882.5 | 589.4 | 528.2 666.7
Adam 11121 | 651.7 | 540.0 7679
Adamw 11242 | 669.1 | 542.6 778.6
AdamABS(ours) 1071.0 | 632.6 | 514.6 739.4
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Adamw 98.89 | 99.18 99.10 99.05
AdamABS(ours) 97.86 | 98.32 98.81 98.33
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