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Feature Space-Based Center Constraint Loss for Improving Quality and Diversity in GANs
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Algorithm 1 Training

1: repeat

2 &4+ G(z)

3:  Lp + BCE(D(z),1) + BCE(D(%),0)

& fe D(&), m « batch_size

5 Leentroid = 2 gy max(0, || f; = clla = dyey)
6 Lg < BCE(D(),1) + A+ Leentroid

7: until converged

PCA Feature Space with Centroid
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