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Algorithm 1: Hicrarchical FL with Edge Filtering
Input: Clients C, Edges £, Rounds R, Local steps T, Validation set D, 4
Output: Global model w'

1: Initialize w" and broadcast to edges and clicnts;

2 forr=1to R do

3: foreach client ¢ do

4 Update ', from w™=! by 1 local steps;
b: Send w to its edge;

6: end

7 foreach edge e do

8: Evaluate {w’} on D;

9: Select Se = {¢ | ac > median({a.})};
10: Aggregate wl ﬁ ZcESL we;

11 Send w] to the server;

12: end
13| w4 ITll Y e Wh;

14: Broadcast w" to all clicnts;

15: end
16: return w'*;
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