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Table. 1 Model-specific sampling and cross-validation

results
model AUROC | AUPRC | Fl-score | ¢l_low | cl_high
Rendomir o839 |02 | 058 | 0.812 | 0.866
XGBoost 0.834 0.620 0.584 0.803 0.865
LightGBM | 0.833 [ 0.613 [ 0.585 0.811 | 0.855
CatBoost 0.832 0636 0.544 0.797 0.867
Logistic' 0.825 0.645 0.594 0.793 0.857
Regression
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Heatmap of monthly number of patients prescribed medication
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