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Using Cross-validation across Multiple LLMs
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List 10 papers published in SCI(E) journals since 2023 that deal
with the phenomenon of hallucmatlons in LLM', in order of
1 |citation index. List the author, paper title, source, year of| ChatGPT-40
publication, and citation index. If you disagree, please specify]
the reason along with the paper number.

The following papers are the top 10 papers published in SCI(E )
journals since 2023 that deal with the ‘hallucinations of LLM,

listed in order of citation index as suggested by ChatGPT-4o.
Please review these papers to verify whether the sources

2 |actually exist, whether the sources are accurate, and whether
the results align with the specified conditions (such as topic and
publication year). Then, select only those papers that you fully
agree with.

+ [Results of 1]

Describe the main contributions of each of the 10 papers in one
3 |paragraph and select the five most important keywords for| ChatGPT-40
each.

The following is ChatGPT-40's summary of the main

contributions of 10 papers in one paragraph each, along with the

4 five most important keywords for each. Please indicate which Grok-3 Think
ones you fully agree with, partially agree with, or disagree with,

and explain your reasons.

+ [Results of 3]

Grok-3
DeepSearch

B 2. 193 2 mEnEQHEH dojxl LLM ZAxt
. - Citation Reason for

No. Title Publication [Year] Index Agreement Disagreement
Survey of Hallucination ACM Full

1 |in Natural Language Computing [2023| ~310 Agregd -
Generation Surveys
Siren’s Song in the Al . )

2 |Ocean: A Survey on ArXiv 2023 ~180 }grilg/ N(-ziu};.?fafn
Hallucination in LLMs ]




Detecting hallucinations Full

3 |in LLMs using Nature 2024 ~120 Agmgd -
semantic entropy
HILL: A Hallucination Full

4 |Identifier for Large CHI 2024 ~90 Agmgd -
Language Models
A Survey on LLM . .

5 [Hallucination via a ArXiv 2024 ~75 PAa:rleaég Npéu}liitalm
Creativity Perspective )
Hallucination is . B

6 |Inevitable: An Innate ArXiv 2024 ~60 PAa:rleaég Npéu}liitalm
Limitation of LLMs )

A Comprehensive
Survey of Hallucination Claimed » . Not in journal,

7 Mitigation Techniques |IEEE/Elsevier 2024 45 Disagreed only on arXiv
in LLMs
Hallucination Detection . . Not yet in

8 |and Mitigation: An Aga/"ﬁfgl 2024 ~40 lif;gelg conference or
Investigation R journal
On LLMs' Hallucination Full

9 |with Regard to Known NAACL 2024  ~30 Agregd -
Knowledge
Quantifying Uncertainty
in Answers and Fully _

10 Enhancing ACL 2024 |2024| ~25 Agreed
Trustworthiness

[1H mEneade dojxl LLM Zutof| thdt Grok-3 DeepSearch

- Fully Agreed Papers (5): Papers 1, 3, 4, 9, and 10 meet all conditions,
being published in high-impact venues since 2023 and focusing on

LLM hallucinations.

- Partially Agreed Papers (4): Papers 2, 5, 6, and 8 are relevant and
from 2023-2024, but they are currently only on arXiv, not yet in

journals or top conferences.

- Disagreed Paper (1): Paper 7 does not meet the condition of being
published in an SCI(E) journal, as it is only on arXiv despite the
claim, leading to disagreement.

I 20A] H50] Grok-3 DeepSearchof 9Js H& =9(Partially
Agreed)U H]-=9](Disagreed) ® =% 53(2, 5, 6, 7, 8¥) & 28 =22
Grok-3 DeepSearch’} §zto] wiAish ZQo|r(w7iAl) 78 =80
ChatGPT-4o7} gtzfo] At 74 folnj(metd), 5, 6, 8% =72
LLM 25 $i2}0] AR (=P jolct. Y FOl(Fully Agreed)
= 5¥(1, 3, 4, 9, 10¥)2 & LM 2% gH7fo] 2AisH|
5ot & 32 =7 10¥S O 39 ZEnERRE ojfl
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No. Main Contributions

Provides a foundational taxonomy of hallucination types
(intrinsic vs. extrinsic), surveys evaluation metrics and
1 mitigation methods across NLG tasks (summarization,
QA, dialogue, MT, etc.), and highlights emerging
challenges when scaling to transformer-based LLMs.
Serves as a go~to reference for hallucination research.

Introduces semantic entropy as a robust signal for

detecting hallucinations, demonstrating strong

3 correlation between entropy spikes and factual
inconsistency. Validated on GPT-series and

open-source LLMs, it suggests real-time monitoring

potential.

Keywords

intrinsic hallucination,
extrinsic hallucination,
evaluation metrics,
mitigation strategies,
faithfulness

semantic entropy,
detection,
entropy spikes,
factual inconsistency,
real-time monitoring

! Computational Linguistics, July 07 2025.

user interface,
provenance logging,

Presents HILL, a user~centric tool that flags potential
hallucinations via interface overlays, using model

4 |confidence and provenance signals. Empirical user | confidence score,
studies show increased trust and reduced human in loop,
misinformation. trust

retrieval misalignment,
attention bias,
context grounding,
knowledge retrieval,
NAACL evaluation

uncertainty calibration,
confidence scoring,
probabilistic framework,
calibration dataset,
thresholding

Reveals that hallucinations occur even when knowledge
9 is present in context—due to retrieval and attention
misalignment. Proposes attention-aware retrieval

refinement to improve grounding.

Proposes probabilistic answer confidence scores

10 applicable to any LLM, calibrates them on held-out
factual queries, and shows using confidence thresholds

significantly reduces hallucination rates.
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