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XGBoost
Parameter reference weak_reg. strong_reg.
lambda (L2) 1 0.1 10
max_depth 6 8 4
LightGBM
Parameter reference weak_reg. strong_reg.
lambda_|2 (L2) 0 0 10
max_depth 6 8 4
num_leaves 31 90 10
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123 3106
Subpopulation
REFERENCE COMPARE
171 149
OIXt Group
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Tact 2
25 35
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XGBoost reference 1 5
strong reg. 1 4
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LightGBM  reference 6 7
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weak reg. 1 5
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