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Stage1 — Background Generation
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diffusion model: endlessreality_v11

VAE: vae-ft-mse-840000-ema-pruned

Sampling: steps—12, cfg-12, euler sampler, normal echeduler
LoRA: add-detail-x1

Synthesis Process

diffusion model: DreamShaperXL_Lightning

VAE: DreamShaperXL_Lightning base VAE

Sampling: steps—5, cfg-2, euler ddpm_sde, karras scheduler
LoRA: add-detail-xl
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