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Abstract

As steel plates are produced quickly, many micro
defects occur, which makes inspection difficult,
requiring a large number of manpower, and
inspection deviations by manpower occur.
Additionally, there are not many data samples
related to defects, making it difficult to perform
automated, real-time vision inspection.

Therefore, in this paper, we propose a Few-Shot
technology that can learn using insufficient learning
data for Al-based steel plate quality control and an
object recognition technology using a lightweight
network that can recognize fast-moving
micro-defects. In addition, we propose a system
implemented based on a system for integrated

quality management.
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