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Input type Size Precision  Recall ~ Fl-score Accuracy

1D signal [5] (1, 1000) 61.93 61.72 61.69 81.96

Scalogram [6] (75, 1000) 61.19 57.73 59.00 77.97

Proposed method (32, 49) 62.62 62.64 62.17 82.47
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