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A Study on the Prediction of Insole Sensor Pressure Using LSTM
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(a) Embedded sensors (b) Output data
Fig 1. Opengo sensor

Table 1. Specification of Opengo Insole Sensor

Sampling rate 100 hz
Number of pressure sensors 167}
Maximum measurable weight 120 kg
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(a) walk
Fig 2. Measured data graph
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Fig 3. Motion prediction result graph

Force [N]

Time (seconds)

(b) squat

rdo] 4%5S Hrlslr] $el MAE(Mean Absolute Error)E A3}
th MAE:= 24 dloJejs} o5 dog] Atole] A Qate] Hit& vt
U 2(2)5 8 Axbdd

2

MAE = %EL‘L_Z;L

i=i
7] 52l MAEE 233N, 2FE F4 oM MAEE 166NC.2 el
Stk o= LSTM Edo] A7) Fao s P4 o 233N, ~AHE &
Ao M= 166N eat5 HASS njsit). o3 e AA gkt
odlZ gkl atol7t A oA} WSI(AA ghe] 5%)ulel AS A olE
AEg o F o7 7Fste] AXteldn 2Q)2 o5 AGEE Altete
o]},

Number of correct predictions
Total number of predictions

Accuracy = X100 (3)
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