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Algorithm 1 Calculate GPU Score based on Metrics

Require: GPU metrics dictionary metrics containing keys "fb_free”,

7fb_used”, "gpu_util”, "mem_clock”, and ”mem_copy_util”
Ensure: Calculated final score for the GPU
: total_memory < metrics[” fo_free”] + metrics[” fb_used”)
2: max_clock < max_memory_clock
3: fb_free_score « %’m x 100
) metrics[” fb_used”]
4: fb_used_score (1 . W) x 100

5: gpu_util_score (1 - W) x 100

6: mem_clock_score « (1 — w) x 100

mazx _clock
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metrics[’ mem_copy-_util®

100

7: mem_copy_util_score < x 100

8: Define weights for each metric:

9: wy + weights[” fb_free”], ws < weights[” fb_used”],

10: wg < weights[” gpu_util”], wy < weights["mem_clock™],
11: ws < weights[”mem_copy_util”]

12: Calculate final score:

13: final_score < wy x fb_free_score + ws X fb_used_score

14: +ws3 X gpu-util_score+ws X mem_clock_score-+ws x mem_copy-util _score

15: return final_score
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/b free score = (fb free/total memory) X 100
/b used score = (1— fb used/total memory) X< 100
gpu util score = (1— gpu util/100) < 100
mem clock score = (1—mem clock/max clock) < 100

mem copy util score =(mem copy util/100) < 100
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