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I . /\‘1 = 1. if largest_mask is not None:

kernel = np.ones((4,4),np.uint8)

largest_mask_dilated = cv2.dilate(largest_mask,kernel,iterations=1)
mask_inv = cv2.bitwise_not(largest_mask_dilated)

colored_part = cv2.bitwise_and(img,img,mask=largest_mask_dilated)
blurred_img = cv2.GaussianBlur(img,(31,31),0)

= HSV -JJE‘] < fSH background_part = cv2.bitwise_and(blurred_img,blurred_img,mask=mask_inv)
result = cv2.add(colored_part,background_part)
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;@_‘1‘:-/]7]_ 60 _4744/] H]—\:H o o]_u 2= 01%% ]}\].o].git}_ 10. mask_green = cv2.inRange(hsv,np.array([35,50,50]),np.array([85,255,255]))

11. mask_red = cv2.bitwise_or
12. (cv2.inRange(hsv,np.array([0,50,50]),np.array([10,255,255])),

AW, AxpH oz B s A gelolu} 1o]2E AASHE Wl 13. cv2.inRange(hsv,np.array([170,50,50]),np.array([180,255,255])
7FEAQE B2 S A gate] ASE B9 2135 AS AL A 14. largest_mask_green = find_largest_contour(mask_green)
15. largest_mask_red = find_largest_contour(mask_red)
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CNN Model Performance Comparison
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CNN Model Loss Comparison
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