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Algorithm 1: incremental_update (node, tuple)
Input: RSPN node node, New dataset tuple

1 if node == leaf-node then

‘ update_leaf distribution(node, tuple)

[N

3 end

4 else if node == sum-node then

5 nearest_child « get_nearest_cluster(node, tuple)
6 adapt_weights(node, nearest_child)

7 incremental_update(nearest_child, tuple)

s end

9 else if node == product-node then

10 for child in child_nodes do

11 tuple_proj « project_to_child_scope(tuple)
12 incremental_update(child, tuple_proj)

13 end

14 end
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