gaE-oluA] g 7t 25 ~AAYS 5
Fhelael 7k gaA] dol A%
oJ A, A, ol AT
= 7o 8l

xjackoo@kookmin.ac.kr

Enhanced Cross—-Category Texture Transfer
via Adaptive Scaling of Text-Image Embeddings

Jaeseok Lee, Jaekoo Lee”
College of Computer Science, Kookmin University

gz Aol gL AEor 39 WA Hs A=
Frele] 7t ol g sl o X7t Zka QlE Aoy IH S S}
Fhelare] 3 "ax] dols A wAe A ovx 9 e nEE BF mydtejof 7] ulEd F Fhelael 1t
=242 HAI}F ogGr), weha] B =R A= [P-Adapter 7189 tF A = A(Diffusion Model)ol Al o] %4
B}l ~ 8l (timestep)ol]l WE BlAE-olnx] 7+ AL4 ofdld ~AUH 7IHS Attt S 7|HS 5 W RS
e HaEg Hax ARE g oux] BFEE 1gsle] gax] Holrt heds AFH, AAH A¥S 59

EERC e

REph)
[mis
|

I.A &

aEAY 3 A9 A= AAY FFLe G mAY
HYe A}, 2EEHA ol Hezoy I
FAME 53] B2z FHo](Texture Transfer)®
agEe ARk A9 glel Asem 30 A4
4 (mesh) 2 AR F= Bgom 9

A Aokl E = 9] dEel me ATt
L D

APFHAAH1,2]. E3 JhEy
A7 2 e nfI E
olm A7} Ztm e AR
ERE 3] 2
Fde w9t
HAsglo| AH S S & Atk

web] B =Ro|M = [P-Adapter[4] 7]¥F U§FA
2 d(Diffusion  ModeD[5]1A  Eld2El(timestep)oll
n2 HrE-oux 7t AEH odld AAUY 7|HE
Aoraiet, A3 At el xglo] F g2E o]
2AYE FA, EBdxgel S w ojm e i
duig el ~AdS A & u HFH, A A w7t o
Holde A3

e mes g
N

a4 vl
ZMLP) 6 &

EES

s

Adaptive s

I 1. 2D gl mE "gaA Ho] A

g2 UESIE T3 olvA] x, & AW, AMA
g5 (pretrained)d HFd 2E e, doi

F2k9] Bl 2wl t~U(20,980), t — & o thdke] DDIM
A (nversion)S T3, =o]l=7 Gl ov A x,x, &
TFEith, B =R HE § @S 50 o8 AM&3d
HETHo=E, =R ) zdo Interval Score
Matching(ISM)[6] ¥4 3t4E S8 g4 UWEYSIE
Ecia=

VoBM = E[w(t)(eg(xe,t,y) — €p(xs,t =8, )] 2 (1)
ol Wl w(t)x et whe} A= TR T, ¢
ol gase sk gud, y = 9AE duY y,, 3}
olu A AWl yp, < T AA JuHES v ),

2] (2)
V=5 Vet +(1=5) Ving K

S Qe oluA g gl
ootk [ 104 B &
=3 )
-

Input Text Yext Adaptive Scaling of
"teddy bear” — CHP _'%] Text-Image Embeddings
Input Image Embedding ’sio‘ s =il

Yimg — % -
— [iCLIP|— =12 3 ¥ —
lmagg A
Embedding s B2+ -5) =3
Image x,
R .
* 3D Mesh\Render s | Difz:igzlﬁgdela L
- Xp —

0 g Texture — : inversion

Fommennns 1%L B, B 8D B e B



E L7 2d 3 3FH 4% M

L-NeRF TEXTure Ours
CLIP-T(1) 0.370 0.336 0.362
CLIP-I(1) 0.509 0.446 0.613

Eata, skl vUS F A9 w4 ARE FARL 5=
04~06 & W UAz =& ZIPES A& F Jou
A s ;S 2= AL WA gxHe uEd gE
F A7) W wWe AE A20F £ gt wepA 2
EEdAE gFd 2do] ojulz] A Al t 7 F o
AAHA FES AAs, t 7 S uw AENEES
AR TE 7€ AF[7]d GE ol HAE-oju|x

s=t / 1000

2 1} 242 ase qugd ga sAAs S0
sto] WA WE g wWAel g@ Aus seart
WOl e 7p BSeE ojulx QW] e 27S
S Bo] o e pa ANE o seac A
wale] ga A e (18 2104 el & el

m 43 € =9

Hn RdZ= oju)x] 7wk €lxax] Ao|yp 7ped
229 Latent-NeRF(L-NeRF)[1] 223} TEXTure[2]
A At Ad e W 2 JHagE
7 Aok g2 gEagsE R A49E U F
4709 HAERAY, E7], EY, E8H 5719 om A=
23S 7y,

AEgx Age dEs Wy AHARE #
w2 =x]o] 73 CLIP-89]lAE(CLIP-T)[8] SAtE, 91
olul Ao I EAHZ WP E=Ao] #E CLIP-
oJu] A (CLIP-D[8] fAI=E ZAsIGdY. 28 ZAabe=
¥ 1139 2. A9 Ay, A mdo] nHE ww
deErt 22 ARE BT ol At 7|Ho] HF

BMAER

—

L

k= L-NeRF TEXTure Ours
i ©

a9 3. Z 29 7k A 43 A3 vl

N ot
o et

1o
)
>

R

ol

f

td

r

o

ik

ol

X

)

u
ol

ol

>

i rlo

2 4 ok TEXTure ®de] 7
A 438 B2A Aol FAT W, Fel g
g olo] WAL 4o ARE #
su dax Auw A9adss HAd gk
Ak male 4 Anst 827 4 a

S po oo o rf R
>
N
iR
i rlo
i
=
=
(<0
ol
32
o,
<
Z
[©]
=)
oo}
td
e,

[¢}

EHT Holuyr}, o] HAE-onx
A ALY 7R a9E Agdes STyt
Iv. 4 8
2 =52 Jheag 3 "xx o] I
A o7 Bl w2 g ]
oAdAd ~AYE 7IHES AJSE AR
Arel vlxx AR ko] #¥S FAT 5
=AY 71HHe] HaE S A
ESH v RAsRY JhE o] 3 g
HodS AHH, g4 Aoz A

e L - -t )

e g

)
&, oo Ol

N e
o

et
2
N
Joy 32 —
ﬁrgﬂlomgi‘\'
o S~
O ol Ao N

[0
o
32
.‘E‘ [

ACKNOWLEDGMENT

w 9Te 2024 9k ARG BEAR) Y Adew
AREN71E97Hd ] AdS wot FE A7d(No.RS-
2022-00167194, WA AEZE Al28S 93 23 7hee

A1),

re

Fa1EF

[1] METZER, Gal, et al. Latent-nerf for shape-guided
generation of 3d shapes and textures. In: Proceedings of
the IEEE/CVF Conference on Computer Vision and
Pattern Recognition. 2023. p. 12663-12673.

[2] RICHARDSON, Elad, et al. Texture: Text-guided
texturing of 3d shapes. In: ACM SIGGRAPH 2023
conference proceedings. 2023. p. 1-11.

[3] YEH, Yu-Ying, et al. Texturedreamer: Image-guided
texture synthesis through geometry-aware diffusion. In:
Proceedings of the IEEE/CVF Conference on Computer
Vision and Pattern Recognition. 2024. p. 4304-4314.

[4] YE, Hu, et al. Ip-adapter: Text compatible image prompt
adapter for text-to—image diffusion models. arXiv
preprint arXiv:2308.06721, 2023.

[5] ROMBACH, Robin, et al. High-resolution image
synthesis with latent diffusion models. In: Proceedings of
the IEEE/CVF conference on computer vision and pattern
recognition. 2022. p. 10684-10695.

[6] LIANG, Yixun, et al. Luciddreamer: Towards high-
fidelity text-to-3d generation via interval score
matching. In: Proceedings of the IEEE/CVF Conference
on Computer Vision and Pattern Recognition. 2024. p.
6517-6526.

[7] CHOI, Jooyoung, et al. Perception prioritized training of
diffusion models. In: Proceedings of the IEEE/CVF
Conference on Computer Vision and Pattern Recognition.
2022. p. 11472-114381.

[8] RADFORD, Alec, et al. Learning transferable visual
models from natural language supervision. In:
International conference on machine learning. PMLR,
2021. p. 8748-8763.



