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From X-ray image predict of musculoskeletal disorders in pet
using the YOLO model with fuzzy image enhancement
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Image Ground Truth

E 1. EEYE Hdsd|m At
05) Specificity Sensitivity Accuracy
Yolov5-16 69.5 56.3 68.3 67.9
Yolov5-x6 66.6 57.2 70.3 70.4
Fuzzy-Yolov5-16 | 68.8 58.2 67.8 67.5
Fuzzy-Yolovs-x6 | 68.9 55.2 68.0 68.1
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