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0.1 0.5221 0.5505 0.6138 0.6165 0.6494

) H, 0.5221 0.5481 0.6049 0.6117 0.6509

0.1 0.5123 0.5546 0.6106 0.6430 0.6569

H, 0.5137 0.5561 0.6080 0.6359 0.6589

0.1 0.5283 0.5575 0.6139 0.6145 0.6459

4 H, 0.5304 0.5626 0.6130 0.6150 0.6447

0.1 0.5158 0.5584 0.6074 0.6387 0.6466

H, 0.5162 0.5548 0.6088 0.6388 0.6495

0.1 0.5236 0.5589 0.6071 0.6138 0.6460

8 H, 0.5247 0.5593 0.6053 0.6153 0.6440

0.1 0.5124 0.5567 0.6081 0.6397 0.6468

H, 0.5133 0.5566 0.6084 0.6388 0.6467

0.01 0.5196 0.5605 0.6046 0.6133 0.6456

) H, 0.5207 0.5466 0.6051 0.6172 0.6509

0.01 0.5160 0.5586 0.6082 0.6397 0.6476

H, 0.5106 0.5535 0.6097 0.6363 0.6538

0.01 0.5224 0.5605 0.6039 0.6124 0.6456

A H, 0.5286 0.5587 0.6062 0.6231 0.6397

0.01 0.5142 0.5599 0.6080 0.6405 0.6489

H, 0.5151 0.5572 0.6067 0.6387 0.6457

0.01 0.5248 0.5619 0.5978 0.6044 0.6450

g H, 0.5257 0.5578 0.6066 0.6169 0.6433

0.01 0.5067 0.5545 0.6040 0.6342 0.6494

H, 0.5096 0.5571 0.6068 0.6378 0.6466

37 B2A] 432 sk
r’"‘“: rrrrrrr baseline_test acc - proposed._test acc V. 28
za)“ ) - ’(’b)“ 2 =olAe F5F 2ld 2 AE Beld 382 gt AR e E E
Al de|5S Akt ARATE Fofl Altske wio] o] Aaiel
, I fARH d5g AT & 4 AT E3 Aotk o] fojujst
: el S5 A Auke mojEr)
rrrrrrr baseline_test acc - proposed_test acc
© @

7% 2. 380 T2 HolAzieln Aotel: el 8 A

. (b) F5E H,, (o) e5F 0.0, (d) Sk5E H,

o} W] Alol=o] T A% WslE Bl dstel vlA] Alol=g 717}

24.@IH£%§ﬁd“ﬂ*EI%HVI&NK sk5E, 2T s
Hlolg] 7§4, 3l Fojo] Wi 1l 7i4 sl w2 A|okske Wyt 7]
iﬂmtl“a“*“‘ﬂq'I‘%Eﬂfﬂ'ﬁﬁ%i, E| A Edo]E]
Aof] theh 7 AHES éﬁﬂ@l Fapgo] o mosgith & 1
oA B uiel Zo] Aiotshe WhHo] woAalu}t SAlst 458 AT
2 2 8550 Walo] o2 Aotol PHa 7)E
HO@%@Nﬂiﬁﬂ%qUH@mWw4W*EWNﬁWNQ&H
: 201]*1 B vt} Zo] Aotk Wb, d)

589 ooz Bty Fete It

ACKNOWLEDGMENT
o] = THUes/dARIe] Al¥e wot A e syt

FaiEd

[1] Sung, Flood, et al. *
few-shot learning,” Proceedings of the IEEE conference on

Learning to compare: Relation network for

Computer Vision and Pattern Recognition, pp. 1199-1208, 2018.

[2] Wang, Yaqing, et al. “Generalizing from a few examples: A survey
on few-shot learning,” ACM Computing Surveys, pp. 1-34, 2020.

[3] Lee, Y. ], et al. “Recent R&D Trends for Lightweight deep
learning,” Electronics and Telecommunications Trends, pp. 40-50,
2019.



