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Batch Size Method : Number of Trainiélg Data per Class - AVG
(a) 0.5085 0.5478 0.5247 0.5270

1 (b) 0.5085 0.5453 0.5559 0.5366

(c) 0.5085 0.5453 0.5597 0.5382

(a) 0.5222 0.5461 0.6139 0.5607

2 (b) 0.5221 0.5505 0.6138 0.5621

(c) 0.5223 0.5462 0.6138 0.5608

(a) 0.5282 0.5571 0.6124 0.5659

4 (b) 0.5283 0.5575 0.6139 0.5666

(c) 0.5284 0.5571 0.6140 0.5665
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