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® Distance reward for robots:

réo = =JIIby — o, I

® Grasping reward:
i {cg, for gripper touches target object

T,
9 0, for otherwise
® Distance reward for success condition:

g _ 2
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® Handover reward:
{ch, for grasping reward pair (0, ¢,)
‘r' =
h 0, for otherwise
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