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Parameters Values
Number of hidden layers 16
Neurons per hidden layer 1024
Activation function ReLU
Residual skip connection 4
E 2 Aol By
Parameters Values
Antenna configuration, (Ny, Ng) (256, 1)
Number of pilot symbols (N} 0¢) 51,32,19
Modulation scheme Quadrature phase shift keying
Correlation coefficient, p 0.9
Channel model 3GPP Pedestrian-A
Channel estimation Linear mean square error
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