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Table 1. YOLOv8n 24 A&

Class Precision Recall mAP50
...... Umbrella | .02 1...0700 . .....022 .
........ Knife ..0...0%84 .08 L0228
........ Stick 1062 0TS LT
......... Bat o072 0L 08
All (Mean) 0.645 0.49% 0.454




Table 2. YOLOv8m =49 A5

Class Precision Recall mAP>0

Umbrella 0.785 0.707 0.806
R AP S B e
........ B B
B N =

All (Mean) 0.748 0.665 0.734
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Table 4. SVM #57 Z=
S Precision Recall f1 support
Class 0 1.0 1.0 1.0 12
Class 1 1.0 1.0 1.0 18
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