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Epoch 70

Batch size 64
Optimizer AdamW

Learning rate 5x107

Weighted Cross—entropy
+ Label Smoothing

Loss function

Time Masking (ratio=0.12, p=0.7)

Channel Dropout (rate=0.15, p=0.7)

Gaussian Noise (std=0.01, p=0.7)
Mix—up (alpha=0.4, p=0.5)

Augmentation Methods

Hw 2d | A= (%) | Macro—F1
1D CNN 73.60 0.7417
BILSTM 81.10 0.8110

Alre 2E 86.53 0.8615
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