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Model mAP50 | mAP50-95 P R

Vv8x 0.78 0.46 074 | 0.78
v8x+(BiFPN layer 2) 0.79 0.50 076 | 0.74
v8x+(BiFPN layer 3) 0.74 0.44 075 | 0.72
v8x+(BiFPN layer 4) 0.72 045 070 | 0.68
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