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<HE. 1> KITTI6] A= deolg Al nuScenes[7]
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< 1. KITTI 9 nuScenes ©o]EjAlo] A 2] A &x] A% ¥lu(mAP, %)>

Method KITTI nuScenes
LiDAR-only 78.5 70.3
Radar-only 42.3 45.6

Bi-LRFusion[8] 82.4 73.5
Ours 83.2 77.1
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