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A. CNN-LSTM
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a3 3. Overall architecture of the proposed CNN-LSTM Neural Receiver (top) and
detailed structure of the CNN (bottom)

CNN-LSTM 292 717 39] 4 725 wErh CNN2 4l 252
FE A A 2 AR 2EY # ARE FE8, LSTML ol
ol-g3l FA As W wo]=9k IMIE AASIL soft Log-Likelihood
Ratio(LLR)S F4 %l CNN2 13 3 afeh 2o ) Conv2De}
Layer Normalization®.2 145 ™, Conv2DE A 50| 3t A& &
A& F%3}aL, Layer Normalizatione &7F 2 A ZFloll A 28 A
Trelste] sy PgAlS =91tk LSTM= Bidirectional 1322 T8 % o]

obE] AIF BES BT drdgo @i Af-Fulgs Tt AvkAl e
gapdo g5 4 gl

B. LSTM-CNN
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3 4. Overall architecture of the proposed LSTM-CNN Neural Receiver (top), detailed
structure of the CNN (middle). and internal configuration of the residual block (bottom).
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III. Simulation Results
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Receivers under a 1x2 scenario.
IV. Conclusion
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