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Target Models

Source Attack Source PSP DV3 FCN
Model Method Model Res101 Res101 VGG16
PGD 7.72 54.73 59.41 45.70

SegPGD 5.41 54.10 58.95 45.43

CosPGD 1.84 56.63 64.37 45.99

pSp DAG 65.82 62.67 66.22 38.91
_ NI 7.71 33.49 38.52 32.94
Res50 DI 6.41 32.00 35.25 37.34
TI 18.28 64.50 69.60 36.80

FSPGD 3.39 22.24 16.84 19.75

Proposed 3.38 21.24 15.61 19.20

Target Models

Source Attack Source PSP DV3 FCN
Model Method Model Res101 Res101 VGG16
PGD 9.75 59.36 55.54 47.48

SegPGD 7.18 58.96 46.53 46.53

CosPGD 2.73 58.83 58.64 47.25

DV3 DAG 67.55 67.07 67.58 39.48
NI 9.49 36.41 35.62 35.62

Res101 DI 7.64 3111 3166 1099
TI 27.16 65.79 65.13 37.98

FSPGD 3.28 11.42 13.45 21.49

Proposed 3.29 11.39 13.35 19.85
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