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Addressing climate change

A decade of regulatory action to cut GHG emissions from shipping:
towards phasing out GHG emissions from shipping as soon as possible in this century
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. Score(%)
LSS lter1 lter2 [ter3 Mean
R2 0.952 0.942 0.944 0.946
MAE 0.040 0.053 0.049 0.047
RMSE 0.091 0.110 0.102 0.101
MAPE 1.649 2.371 2.191 2.070
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. Score(%)
e Iter1 Iter2 Iter3 Mean
R2 0.989 0.992 0.995 0.991
MAE 0.068 0.061 0.053 0.060
RMSE 0.144 0.119 0.100 0.121
MAPE 2.979 2.141 5.253 3.458
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