20254 BImE I3t
OF T8& 99 7x& &8

A4, 147
AF O3t «A| % o) S

sotinal 3@gmail.com, *jk.kim@sejong.ac.kr

A Study on Melanoma Classification Using
Multi-Scale Receptive Field-Based Architecture

Chot Ji Won, Jangkyum Kim*
Sejong Univ., *Sejong Univ.

8 o
oS 98 g oA RRY S4FS BRety] 93 ded 7k 2Eel ASPP ResNet-50 & AlQhght}.
SAEo WE Hdolg o AL R e 7] ko] Fa3d yotolr}. Aot el ResNet-50 WE O Z Atrous
Spatial Pyramid Pooling 7-%& &%ste] I WH ouA& &/t s HS5E 913 ResNet-50, DenseNet-121,
VGG-16 ¥ vl A9S 438 A3, ASPP ResNet-50 Edllo] 92%= 7% & BF AF=s Bt

I.4 &
ZAFe Wl AE EE 2k AXdA 7Yshe
ot FYoE, IFO FE RS HA 9T
Aol oF 80%E AAE R AWAQ Aot} [1]. [ ]
2000 do] o] F ZudlM= FAF EAYEo] Fhshal [ ]
Aom, A Ale WEshA ANt fFHAA <l ( ]
29 wFo] Fo AF AR A Ak 53] Mol ( ]
Ex7h wEr 2] wd o3 #@xbe] AFEE
ARA G v webd ggsta A& JdS
A3k Bx = o] Q¥ [1,2].
2 EdoAE vgYde 78 d9s €83 Atrous
Spatial Pyramid Pooling 7%%& #§3}¢, S4% %7
A Bes FEA717] 9 Held 78 B 2ds
Aekstth [3]. ResNet-50 Wj¥o] ASPP 725 5§ ¥ 1. ASPP Bottleneck "3
ASPP ResNet-50 R95 AAstaL, 7]Fe] x4
gt AW mdel ResNet-50, DenseNet-121, 2.9 ASPP ResNet-50
VGG-16 3 de& wuste] AR} R fFaAS
destast 4o [4-6]. 1% 12 ASPP Bottleneck 725 AlZH4 o2 vepd
I, 22 Aotk B AFoAs FAF e A PSSl
ResNet-50 o]  Fukie] ASPP FxE5 ST
2.1 Atrous Spatial Pyramid Pooling ASPP ResNet-50 29& A ¢tsltt, 7]Z ResNet-50 9
Convl, Conv2, Conv3 ¥ LU F%3}%, Convd <}
Atrous Spatial Pyramid Pooling(ASPP)2 th¢Fgt Convs B=2 717} 6 719} 3 719 Bottleneck 2= t)Al
a7l $8 99e 2t 25 4% FAFE WEZ 3 sjeh | /o] ASPP Bottleneck BEo2 0Ha3c.
Agate], AA A7V 9 wWistel] g 5AS o] ASPP Ttz ddAgk =72 age] AAEEs
gdHor F2F F UEF udd g AL 54 Zo|x ¥} eS A3 9 dtolu},
= Zl¥elth. ASPP = ¥ Deeplab 72| ASPP Bottleneck < 18 5% W] ®WA 1x1
semantic segmentation RElA AljkR TR, I convolution & #&3¢ ¥ dilation rate 7} Z}Z}t 1, 3, 6,
s FAR A We v Ans xAse 12 1l 7He] 3x3 WF FAHwS HE=R FYIrh
refetet [31. olF 7t WA FEE 54L AY LA
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