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Category Value
Python Version 3.10.16
GPU NVIDIA RTX 3090 24GB
PyTorch 2.6.0
Transformers 4.51.3
PEFT 0.15.2.dev0
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Category Value
Base Model Whisper—large—v2

Model Setup
LoRA Config

8 —bit Quantized + LoRA
r=32, a=64, dropout=0.1

Batch Size 16 x 4 (accumulation)
Learning Rate 2e—5
Epochs 5
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Model CER(%) WER(%)
Whisper—small 9.21 36.21
Whisper—large (Quant+LoRA) 10.03 37.62
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Model CER(%) WER(%)
Whisper—small 21.84 50.30
Whisper—large (Quant+LoRA) 6.25 12.48
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Model Peak VRAM Usage
Whisper —small 24.35 GB
Whisper—large (Quant+LoRA) 6.25 GB
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