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detections_count = 2336, unique_truth_count = 1822

class_id = 0, name = BLUE, ap = 90.88% (TP = 719, FP = 138)
class_id = 1, name = RED, ap = 98.07% (TP = 996, FP = 113)

for thresh = 0.25, precision = 0.87, recall = 0.94, Fl-score = 0.91
for thresh = 0.25, TP = 1715, FP = 251, FN = 107, average IoU = 72.37 %

IoU threshold = 50 %, used Area-Under-Curve for each unique Recall

mean average precision (mAP@0O.50) = 0.944763, or 94.48 %
Total Detection Time: 13.000000 Seconds
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