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Algorithm 1 Task-Agnostic Meta Learning for Few-Shot Regression
Require: p(T): distribution over task
Require: o, 3, \: hyperparameters
Randomly Initialize &
while not done do
Sample batch of tasks T; ~ p(T)
for all T, do
Sample K samples from p(T)
Evaluate VoL, (fg) and L4(fe) using K samples.
Compute adapted parameters using gradient descent.
0, «— 8 —aVaLly
Sample D% from T; for meta update.
end for
if Inequality Measures Based TAML then
Update 8 « 0 — AVa[Eqwpr C7:(f3,) + Me({L, (f)})]
using D"V, L., and I
end if
end while
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NAME SMAPE NAME SMAPE NAME
RMSE o et RMSE 5 Shh RMSE 5 SRS RMSE e Shis
MLP 01243 + | 317140 + | 143817 + | 01197 + | 307823 + | 137788 = | 01193 + | 308817 + | 138883 + | 01186+ | 308544 + | 13.9002 +
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