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(a) Takeoff, (b) Land, (c) Forward, (d) Return,
(e) Cancel, (f) Backward
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DSP 3 1728 100

2 ARE ZHo A= FPGA(ZCU104)9] LUT, FF, BRAM, URAM,

DSP 2l AHEES #Aetglen] 1 diks % 39 2k LUT=
5498%, FFE 31.32%, BRAM_36K+E 19.55%, URAME 3.13% A5

o DSP A4S 100% R5F ggE ik
FTYH o B A= FPGA 74k 438t CNN R2do| o %] 55
A e AAZE 22 ey 2848 7S ASssTh

V. 28
W =2 EMCW glold e o] 83 &84 /14 Al28S CNNe 285
of 278l FPGAS Saff A3t 52 84S Tdsisith ol & fa) &
4 HolHE [FA1 & 255 micro-Doppler signaturex #3kate] CNN
o] 1% dlolE & ARESFITh CNN E& of 7] 39 AAzE 2 9
T 2AE W] s sk A EFEEglo, XilinxAke] FINN ¢
deaE 283 Poﬂ 8-bit FAHFE Foll M4 B 7 F5eF FPGA
g s 2Adslch
A9 A3} Ak FPGA 718 Al 2=’ CPU 7]RE A 2~)l 3} AR At
E=E Hol, of 7860 WhE 2 £Imo} o 7704 %% Al e
rJr. g B4 ZFUAA= FPGAS] DSP AHE 100% 25 283 A
2 YRk on, LUT, FF, BRAM % URAM X} = AR s AH
tfr-% Btk e DSP A 9] =2 2882 Qlaf 37442 Art #4
sht B4 HE AAt 7o) glo] A Alefo] MAY = glonz &
T DSP Ab<le] 584 &85 371 43} 7S Fol B 5 AT
S grd 5 s Ao 7|
AEAOR 2 A7 FPGAE 83 CNN 7[ike] 52 Q12] A 2~Hl
of oA AFE SN 22 AT A& AT T U5S USIA
th Skom] Aol FPGA Al &8 #HZ3te CNN & /|Ads
F U w2 AR a8de S0 24T ¢ ole e EAE

e ol
ACKNOWLEDGMENT

B ATE FNEARFARY AN BHATA, FA|EAL
W77 AL ] A9 E ol ROl EALN SN BAYE Bl
5927 (No. 2023M3CIC1A01098414) 2 AH-(u&H)e] APo= 3
FATARE o Fiol AFHATAANAYS] AL Mol FAe
1791 (No. 2020R1A6A1A03038540). A5S $1g+ EDA¥ &2 IDEC
o AU Wk,

ZuEF

[1] Rakbin Song, Yuna Hong, & Noyoon Kwak (2023). User Interface
Using Hand Gesture Recognition Based on MediaPipe Hands
Model. Journal of Korea Multimedia Society, 26(2), 103-115.

[2] Y. Dong and W. Qu, “Review of Research on Gesture Recognition
Based on RADAR Technology,” in Artificial Intelligence for
Communications and Networks, vol. 356, S. Shi, L. Ye, and Y.
Zhang, Eds., in Lecture Notes of the Institute for Computer
Sciences, Social Informatics and Telecommunications Engineering,
vol. 356. , Cham: Springer International Publishing, 2021, pp. 390 -
403.

[3] Umuroglu, Y.; Fraser, N.J.; Gambardella, G.; Blott, M.; Leong, P.;
Jahre, M.; Vissers, K. Finn: A framework for fast, scalable
binarized neural network inference. In Proceedings of the 2017
ACM/SIGDA International Symposium on Field-Programmable
Gate Arrays, Monterey, CA, USA, 22 - 24 February 2017; pp. 65 -
74.

0110



