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Missing Missing Missing Missing
Zone Zone Zone Zone
rate(%) rate(%) rate(%) rate(%)
1 7394 7 73.25 13 76.55 19 7407
2 74.38 8 7294 14 7443 20 7541
3 7299 9 70.57 15 7122 21 75.00
4 7423 10 7338 16 74.43 22 76.47
5 70.82 11 7281 17 76.34 23 7106
6 70.85 12 72.14 18 7412 24 75.59
%2 N gy ASE

Beacon | Bl ‘ B2 ‘ B3 ‘ B4 | B5
Missing rate(%) 7820 ‘ 7345 ‘ 73.21 ‘ 7241 ‘ 73.36
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Model | AVG pos_0 pos_1 pos_2 pos_3 pos_4
Random Forest 4.57% 37.96% 5097%  4812% 44.86% 40.96%
XGBoost 47.45% 38.70% 56.42% 49.23% 47.09% 45.83%
Transformer 49.85% 42.81% 58.22% 53.77% 48.09% 46.29%
ConfMaskFormer | 52.02%  45.09% 59.87% 56.11% 51.60%  47.42%
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