sadstal, A7

@ errlols G 24 Aad
&37, Mass Awma’

s*nanhosoft@soongsil.ac.kr, zoq2039@skuniv.ac.kr, yunho8418@hanyang.ac.kr

lovecat7@hanyang.ac.kr,

minh3789@hanyang.ac.kr

On-Device Fall Detection via Lightweight CNN and Sensor Fusion
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