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Table 1: GLUE Benchmark
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Method MRPC SST-2 CoLA QQP
Acc Acc Acc Acc
AdaLoRA(Original) 89.95 95.41 67.58 89.81
AdaLoRA(Movement) 90.44 94.49 68.23 90.51
AdaLoRA(Fisher) 89.46 95.64 69.69 91.64
AdaLoRA(GSNR) 88.73 94.38 67.28 91.60
QNLI RTE MNLI STB-B All
Acc Acc m/mm Corr Ave.
93.86 83.39 89.38/89.37 91.77 87.84
93.70 86.28 89.78/89.61 91.27 88.26
93.89 85.56 90.41/90.39 91.33 88.67
93.76 85.56 90.36/90.50 90.35 88.06
Table 2: SQuAD v1.1 and SQuAD v2.0
Method SQuAD v1.1 SQuAD v2.0
EM/F1 EM/F1
AdaLoRA(Original) 87.38/93.52 84.53/87.58
AdaLoRA(Movement) 87.54/93.68 85.98/88.88
AdaLoRA(Fisher) 88.12/93.93 85.67/88.50
AdaLoRA(GSNR) 88.48/94.23 86.09/88.97
Ad A, A 230 FFELS 7]E AdaLoRA 4
u] el Hlazeln on Qe A% gabe malt.
ol &30 e AAVE BA ZHTHH a8 9 xdo
A% Aol Fad 9P vAtE 4e A9

V. 28

BoAFo = detuy a&24 vAHZRAPEFT) 714¥
ol AdaLoRAoIA AL&E+= 3o 49 HAAV AF
o WA= 9SS A8 Y. 7|€ AdaloRAS A=
stetstal o] & s4sty] 8 uds 23 d5E A
Alsta H 78k T,

theFsk NLUSF QA dHlolHAS giide= ARs st
A3, AR 23 e giFEE V& AdaLoRAEHH
Aol FHHASTES EATE FF AFdAE & A
TFAA Ate 2T FFE UFE doirdy) vkt
Zrele]  Hgsle] BT Aot olE &3
AdaLoRA%¥ olyz} sjebn|E <] %353 sk A
24, 2o HE84¢ vy a&4 vAzg [A=F )

(ol

=1

ko]l 7138 = Q& Aoz 7|
ACKNOWLEDGMENT
This work was supported by the National

Research Foundation of Korea(NRF) grant funded
by the Korea government(MSIT) (No. RS-2023-
00212836)
1 |
[1] Hu, Edward J., et al "Lora: Low- rank adaptation of large
language models.” ICLR 1.2 (2022): 3

[2] Zhang, ngru, et al. “Adalora: Adaptlve budget allocation

for parameter—efficient fine-tuning.” arXiv preprint
arXiv.2023.10512 (2023).
[3] Sanh, Victor, Thomas Wolf, and Alexander Rush,

“Movement pruning: Adaptive sparsity by fine- tuning.”
Advances in neural information processing systems 33
(2020): 20378-20389

[4] Liu, Jinlong, et al. “Understanding why neural networks
generahze well through gsnr of parameters.” arXiv
preprint arXiv:2001.07384 (2020).

[5] Wang, Alex, et al. "GLUE: A multi-task benchmark and
analysis platform for natural language understanding.”
arXiv preprint arXiv: 1804.07461 (2018).

[6] Rajpurkar, Pranav, et al. “Squad: 100 000+ questions for

machine comprehensmn of text.” arXiv preprint arXiv.
1606.05250 (2016).

[7] Rajpurkar, Pranav, Robin Jia, and Percy Liang. “Know
what you don't know: Unanswerable questions for SQUAD.”
arXiv preprint arXiv: 1806.03822 (2018).



