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Table 1. Prediction Preformance Comparison(t=3)

Hit@0.5 Hit@1.0
Model RMSE(m) | MAE (m) m (%) m (%)
Cv 4.20 3,50 0.0 0.0
MLP 1.85 0.80 9.3 31.8
LSTM 8.89 1.69 0.0 0.0
Trans-—
1.47 0.41 29.8 63.6
former
Table 2. Prediction Preformance Comparison(t=5)
Hit@0.5 Hit@1.0
Model RMSE(m) | MAE (m) m (%) m (%)
Cv 7.80 6.20 0.0 0.0
MLP 5.42 2.10 2.0 10.5
LSTM - - - -
Trans-—
0.91 0.41 41.0 64.0
former
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