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Table 1. Comparison between Threshold-based Detection
and LSTM Autoencoder-based Detection Methods

II-1I. LSTM Autoencoder 22 %

[ =M mos == ]

= g | ==
(1 min, 5min)

| clojf Ty ]

[2==x==] [ === |

1

| ===l oo = |

|

[ s===s=== ]

[a== =]

[ tsTv Autcencoder |

EEi=] ] S At
(Encoder) (Latent) (Decoder)
I A ok AHAMSE) |
| A ZE Hl |
EEE | | ol & diol=l ]

1

[=2=/miol A= = ]

12! 1. LSTM Autoencoder 7|2t ADLE 241 MA H0[E] OfA} EEX| 2=
Fig. 1.
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