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Antenna position learning stage
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. Structure of Beamforming learning stage

: LaGyAeE1 =e e "’LSyAeEg mep | 4

a9 2. otEld 91X 2 WEY HHS GNN T2

A8kl <t

L__CEO

T

Zy A9 GNN #+2& 11 2 9
AA HA s A GN < N 9 HHY xEE
73] o] AAY star 2 TR UEbi JElUr
= 9y BEAS 6,2, 7MY =¥ gv] 54 0 &
AH o7 slo] B4:29] graph attention network (GAT)
layer & g 3dtt). v« 2 GAT layer ¢ %L multi-
layer perceptron (MLP)Z A& sle] HZE <dHY 3
HEE Y3t} ggos Wyn HFA3 GNN 2 K 7
o =7 2% AZAHE complete L ZE A @] d},
7t meo] o BE4o2 Ad WE h(x 6,)E AHE-g)
A 2 % o] GAT layer ¥ MLP 2 ¥ ¥ 54

I

1047

-stage GNN 2 sum
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K Proposed Conventional [1]
2 15.40 14.03
3 19.56 18.87
4 22.22 21.51
5 23.09 21.76
6 22.48 18.49
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