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Require: Graph sizes § = {3,1,5,6,7,8,9, 10}, Cost range €' = (n,m)
1: Training I’hase

2. for all sive s ¢ 5 do

32 Create grid graph 6, = (V..
1 for all edge (u,v) & F, do

.'\.h:ii_t.',ll randont cost Cyp €

F,) of size 5 x s

C o edge (u,v)
6 end for
Convert (7, to node features X,
Store (X, K,
end for
Train GON model on the training dataset to ontput routing tables
11: Transfer Learning ’hase
122 Given a new graph Gy [ —

and edge indices 1,
(,) in training dataset

S 9P =

Frew ) with costs (U, convert to node
features X, and edge indices B,

13 Fine-tune the pre-trained GOCN
(X s Lo Crivinei)

11: Fine-Tuning ’rocedure

15 for cach epoch ¢ do

16:  for each bateh (X, E.C’) in new dataset do

model on the new graph  data

I7- Zero the gradients

18: Forward pass through GON1: Hy = Re LU(GONL(X, k)
19: Compute edge embeddings: H, = edge_mip((7)

20 Combine node features with edge embeddings: H = ) + H,
- Farward pass throngh GCN2: O = GON2(H, E)

72 Compute loss: loss = CrossEntropyLoss(O, labels)

23 Backpropagate loss

24 Update model parameters using optimizer

25 end for

26: end for

27: Output I’hase

2%: Evaluate the fine-tuned GCN model on the new graph to generate the rout-
ing table
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