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BERT % Baseline 2%, SentimenCAD ¢} & =F-of A
Atste Waog F4dE dolH=z d5s st
BERT E@S& A&, a8ln A5 37 AxREE

AREE A&} [9-10).

SST2 IMDb TREC6
Baseline 92.8 91.5 94.6
SentimentCAD 89.8 90.1 97.3
Ours 94.6 93.9 97.8
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