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Stochastic prediction of electric use in industrial facilities using weather data
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Table 2. TFT model inputs

Types Variables

Observed | Electric use[kW/15min], temperature[TC],
humidity[%], precipitation[mm/h], precipitation
type, sky condition, wind speed[m/s]

Holidays, day, hour, minute, day of week, week
of year, temperature[ o1, humldlty[%]
precipitation[mm/h], precipitation type, sky
condition, wind Speed[m/S]

Known

Static | Location, industrial sector, floor area[m'],
heating and cooling area[m’']
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Table 3. TFT models’ coefficient of determination (R?)
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Table 4. Importance ratio of variable types in encoder

# Observed Observed Forecasted | Time—based
electric use weather weather variables

1 72.6% 10.1% 0.0% 17.3%

2 46.3% 16.1% 0.0% 37.6%

3 1.2% 15.9% 64.2% 18.7%

4 64.3% 9.1% 0.0% 26.6%

# Predicted without | Predicted with Difference
weather (A) weather (B) (C=A-B)
1 0.97 0.98 0.01
2 0.79 0.92 0.13
3 0.09 0.89 -0.01
4 0.87 0.92 0.05
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Figure 1. Prediction of facility#2 without weather data
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Figure 2. Prediction of facility#2 with weather data
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Figure 3. Prediction of facility#3 without weather data
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Figure 4. Prediction of facility#3 with weather data

Table 5. Importance ratio of variable types in decoder

# Forecasted weather Time-based variables

1 0.0% 100.0%

2 0.0% 100.0%

3 60.8% 39.2%

4 0.0% 100.0%
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