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Dataset | models | RMSE Recall MAP
C-ViT | 7.0053 | 33.86% | 0.1875

NYC SimVP | 10.8232 | 34.00% | 0.1918
SwinVP | 10.8507 | 35.03% | 0.1961

C-ViT | 9.4456 | 20.93% | 0.0980

Chicago | SimVP | 13.4410 | 21.94% | 0.0933
SwinVP | 13.3699 | 22.84% | 0.1037

B3 AR EA 8 AR TRk WEAR 919 1) 58 vl A3

Dataset | models | RMSE Recall MAP
C-ViT | 6.2658 | 34.46% | 0.1802

NYC SimVP | 9.8490 | 35.23% | 0.1852
SwinVP | 9.8122 | 35.44% | 0.1894

C-ViT | 7.0353 | 21.95% | 0.1247

Chicago | SimVP | 10.6161 | 23.46% | 0.1175
SwinVP | 10.5491 | 24.01% | 0.1217
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