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HyperParameter Value =
Number of input 321,536 S 15 62 708 89 244
Input size (128,188) =
Batch size 512 A B RVC HE By e RVC 2 w2 RVC 2
Epoch 20 3.1 HHAE A1 32 HAE A 33 H2E Al 3
Learning rate 0.0001 B~E 4 | accuracy | Precision | Recall Fiscore Fallout
Loss Function CrossEntropyloss 1 99.56% 99.1% 100% 99.6% 0.9%
2 9142% | 895% 90.7% 90.1% 8.1%
<E 2> 2 74 3 5876% | 28.2% 725% 40.6% 446%
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