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¥ 1. Confusion matrix (detection accuracy = 97.13%)

Known Unknown Attacker
Known 94.7% 3% 2%
Unknown 0% 100% 0%
Attacker 0.3% 3% 96.7%
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¥ 2. Confusion matrix (detection accuracy = 95.9%)

Known Unknown Attacker
Known 9.7% 3% 2%
Unknown 0% 100% 0%
Attacker 4% 3% 93%

¥ 3. Confusion matrix (detection accuracy = 82.8%)

Known Unknown Attacker
Known 94.7% 3% 2%
Unknown 0% 100% 0%
Attacker 41.6% 47% 53.71%

AR FAAY AR TAR AAG iEE AR BAske 4
oA 8% FE 94 FA4 B AREE WAL(E D) —a—}xm A
Al FAAT} 9174 o] Knownd} |28k $)x]o] 9l-& “M*‘ 7%
B 94 244 BA A%EE Wolth(z 3) o2 B4 /4T HZO
S A A 0] RARE A 5 FAR2 A4 9
A FAAE g § o AAl FAAF FA AP} v 5% 914
A BAE AR B TS BANE Hol BEEE HAT 5
3l

J\ =R

£ =g AE WLAN Y EJ ow A #d 7)4ke] RFF 793}
CNN 417%& #83t0] the IAH el 9% 244 94 4

2 Holel 530 Al % 4%
A} e SAA AAZ F706] BARE ol A4 712 REF
A% 1ok WS BEIAo] N FAAE £ AFER YA F A0
%3 S1709] EATT o7 7]

H
2 A8 Aol oleigel 23S AT 4 Utk

old dAE SHAY] Aa FA7] =dole] nfd 54E &
& RFF 7%l gi@ 71491 d77F Basis & 7o) 35 a7
ol mefata itk o] vobk, =& YEHIAY 2L o5 e 84
A5 &g 7Fsd REF 7|9l e A 2 A9 §45 d7 a9
Suaat 3tk o2 o= WLAN vEQ A1) Wel 33tE 98 T2

&l T e AN

Aoz 7t

ACKNOWLEDGMENT
e sl s S Aol §3Y 39 A4 o
A9 Al Adsh AR SN Ao FATA
ge) 22 vl s 279 (No. 2022RIFIAIOTGI26).

TR
[1] K. Sankhe, M. Belgiovine, F. Zhou, S. Riyaz, S. Ioannidis and
K. Chowdhury, "ORACLE: Optimized Radio clAssification through
Convolutional neural. nEtworks,” IEEE INFOCOM 2019 - IEEE

Conference on Computer Communications, Paris, France, 2019, pp.
370-378.

[2] MATLAB. Version 2023b, “Test a Deep Neural Network with
Captured Data to Detect WLAN Router Impersonation” link:
https://kr.mathworks.com/help/comm/ug/test-a-deep—neural-network
-with—captured-data-to-detect-wlan-router-impersonation.html



