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Table 1. nuScenes, Waymo, KITTI ®|o]E{Al A¥d ZA3}

Method nuScenes Waymo KITTI

AP(%) AP(%) AP(%)

BEVFusion 85.3 53.27 63.06
(baseline)

Up-sampling 85.1 57.4 72.94

Down- 85.5 46.55 63.93
sampling

Up / Down 84.9 56.38 74.02
sampling
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