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Designing a generative Al-based decision support system to optimize orchard management
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requests

json

API_KEY =
BASE_URL =
SERVICE =
DATE =
TIME =
GRID_X =
GRID_Y =

response = requests.get(url)

data = response.json()
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tensorflow. keras.models Sequential

tensorflow.keras.layers Dense, LSTM

model = Sequential(l
LSTM(50, Teturn_sequences=
LSTM(50) ,
Dense(1)

,» input_shape=(weather_data.shapel11, 1)),

model.c

ompile(optimizer=

weather_data = weather_data.values.reshape(-7, weather_data.shapel1], )

model.fit(weather_data, epochs=20, batch_size=352)
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(prediction, threshold walues):

decisions = {}

1 > threshold_valuesl

predictionl

decisionsl
predictionl 1 < threshold_waluesl
decisions[

pred).ct).on[ > threshold wvaluesl

hreshold_wvaluesl
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