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Table 1. 1% 21747 35S fgt 48 WF 74 Table 2. &3 & 7ke] A vl (Th9: MI/m?)
No. Variable Name Description Model RMSE MAE
1 Month Month of the year DNN (HL =2) 0.606 0.478
2 Day Day of the month DNN (HL = 3) 0.634 0.502
3 Hour Hour of the day DNN (HL = 4) 0.573 0.454
4 Temp Temperature DNN (HL =5) 0.573 0.454
5 Humi Humidity Moon et al. [3] 0.580 (+ 0.002) 0.472 (+ 0.001)
6 WS Wind speed Ours 0.565 (= 0.004) 0.430 (+ 0.003)
7 WD Wind direction
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