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F 1. =8 A3 dolHuelx AR A
Drone Type Dimension (cm) Range (m)
Bepop 38%x33%3.6 50
AR 61x61x12.7 50
Phantom 52x49x29 50
£ 2. &7 AF dloleHlo] = Al AL
Bird Type Flap angle (rad) Velocity (m/s)
Chukar 2.5 1.2
Pigeon 1.57 15
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