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Processor Intel(R) Xeon(R) CPU D-
1587 @ 1.70GHz

Memory 32GB DDR4 2400MHz

0S Ubuntu 18.04

Openstack Version victoria

Kuberentes Version v1.20.2

Kubeflow Version V1.0.2
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from kubeflow import fairing
from kubeflow.fairing.kubernetes import utils as k8s utils

None) is None:

DOCKER_REGISTRY = 'kubeflow-registry.default.svc.cluster.local:30e0@"
fairing.config.set builder(
*append”,
image_name="fairing-job",
base_image="brightfly/kubeflow-jupyter-lab:tf2.@-gpu’,
registry=DOCKER_REGISTRY,
push=True)
# cpu 2, memory 5GiB
fairing.config.set_deployer(’job',
namespace="hk",
pod_spec_mutators=[
k8s_utils.get_resource_mutator(cpu=2,
memory=5) ]

fairing.config.run()
else:
remote_train = MyFashionMnist()

remote_train.train()
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def train(self):
parser = argparse.ArgumentParser()
parser.sdd_argunent('--learning rate’, required-False, type-flost, default-o.001)
parser.add_argunent('--dropout_rate’, required-False, type=float, default=2.2)
parser-add_argunent(*--opt", required- False type=int, default=1)

parameters:
- rning_rate
double

args = parser.parse_args()

(x_train, y_train), (x_test, y_test) = tf.keras.datasets.fashion_mnist.load_data()
x_train, x_test = x_train / 255.0, Xx_test / 255.0

model=tf.keras.models . Sequemusl([

ers.Flatten(input_shape=(28,28)),
.Dense (128, activation="relu’),
Dropout (args .dropout_rate),

mode1. summary ()

sgd=tf.keras.optimizers.SGD(Lr-args.learning_rate)
adam=tf.keras. optimizers.Adan( e args. learning rate)

optimizers=[sgd, adam]
model :nmpila(optiw

apnm ers[alg -opt],
¢ egorical_crossentropy’,

mem‘
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