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parameter Value
Density (o) 300 veh/km
Message size 300 byte
Channel model Winner+B1
Bandwidth 10 MHz
Antenna gain (G, G,) 3dB
Noise figure 9 dB
Target range (TR) [200,500] m
MCS index 3
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Algorithm 1 Ra-DPC Algorithm
Initialize neural network with random weights 6
for Episode =1,K do
Initialize Episode memory
for VUE = 1,M do
for Step =1.T do
Select power level A, through policy pg(A,[S,)
broadcast a CAM with the power level A,
Save the trajectory to the memory
end for
end for
0 «— O0+aveJ(O)
return 6
end for
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